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Input: A(Adjacency matrix from Graph)

N(The Number of Community)= ComputeN

     for Number of community detection method do

while (Can change initialization parameter) do

ECD+:=run(community detection method)

end while

if(Can change final state community detection method) then

ECD+:=run(community detection method)

end if

13

20

end if

end for

ECD: Ensemble members of Community Detection methods

/*Each column show one result of community detection method*/

Co.assosiation matrix:=run(Consensus function)

C:=run(Hierarchical clustering method)

Output:C(Final community detection result)
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Input: A(Adjacency matrix from Graph)

for (Number of base community detection method) do

NECD+:=Number Of Community(run(community detection method))

end for

NECD: Number of Community in Ensemble community Detection methods

NECD:=Refine(NECD)

N:=Avg(NECD)
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N:=Avg(NECD)

Output:N(Final community number)
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Data Set

Basic Community Detection Method

Avg B

ECD

Avg E Data SetAvg BAvg E

NNGGNREACMCLAHGPACSPACTSSRSASRS

����,*0.42580.45180.43040.39840.42660.45280.45280.44880.45220.45280.45180.45220.4519

�	���0.40860.39800.40090.38530.39820.41970.41970.36830.38360.41880.41970.41790.4068

H�	B#0.57880.60270.57140.55810.57770.60190.59880.57750.56870.60190.59850.59850.5922

,�0.43890.44420.43970.43940.44050.44500.44280.43900.43750.44470.44380.44450.4424

�
��B���0.43320.42690.43340.40190.42380.43770.43340.42880.39890.43680.43740.43340.4294
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��B���0.43320.42690.43340.40190.42380.43770.43340.42880.39890.43680.43740.43340.4294

8����0.54850.57660.54630.50360.54370.57690.55970.52460.51370.57650.57630.56850.5566

�
�� E3�0.95470.95110.94720.94190.94870.95510.94580.93940.94320.95460.95280.95340.9491

AVG0.54120.55010.53840.51830.53700.55550.55040.53230.52820.55510.55430.55260.5469
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0.56
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�  '4�-+J K���(,&� H�IAJ "��!�A�F ]=�
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�K���(,&� ���TJ H�IAJ ]=�

�d8�T� = �8��� �d8�T� = �8���
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